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Contributions

e New intrinsic image decomposition
e Albedo + Lighting + Local Visibility

e Firstimage space local visibility algorithm
e Simple statistical approach
e No geometry needed

e Per-pixel: no smoothness prior
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Image Formation Model

Image Albedo lllumination

I(z)= p(z) X L(x)

Diffuse Albedo Light + Geometry

e Assumptions:
e Single bounce of light
e Sceneis Lambertian

Images: http://people.csail.mit.edu/rgrosse/intrinsic/
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Pixel Statistics
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recovering albedo and lighting

e Simple per-pixel algorithm
e No need for
e Scene geometry

e Light source position
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Future Work

e Towards internet photo collections

e More general light source distribution,
model light source color shifts, camera
response, ...

e Richerlocal geometry model, incorporate
anisotropy

e Handle multiple bounces of light
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